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The evaluation of economic policy and programs plays a central role in modern Labor Economics, Health
Economics, Public Economics and Development Economics. This course is intended to provide students with
the econometric tools necessary to carry out this work. We will cover: (i) Duraton Models; (iif) Propensity Score
Methods and (iii) Regression discontinuity models. If time allows we will also consider: (iv) Weak instruments;
(v) Difference-in-difference models; (vi) Heterogeneous Treatment Effects and (vii) Econometrics and
Experimental Economics.

While most of the applications will be drawn from labor\ public economics, the matetial is also relevant for those
studying other applied micro fields. Students must complete four problem sets over the term worth a total of 25%
of the final grade. They must also complete a) a midterm (worth 35% of the final grade) and a final (worth 40% of
the final grade) or b) a midterm (worth 35% of the final grade) and a research proposal (worth 40% of the final
grade) on a mutually agreed topic between the student and the instructor. I will probably add readings as the class
progresses. I will post the readings on elms.umd.edu.

CoRequisite/ Prequisites: Economics 722 and at least one graduate course in Labor Economics, Health Economics,
Public Economics, Development Economics or Industrial Organization.

Conrse Text: Lecture Notes for Applied Microeconometrics Workshop, IRP Wisconsin August 2009, by
Guido

W. Imbens, Harvard University and Jeffrey M. Wooldridge, Michigan State University IW below). Available
at

http://www.irp.wisc.edu/newsevents/workshops/appliedmicroeconometrics/schedulel.htm

(I will post revised notes at a later point.)
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II. Regression discontinuity
IW Lecture 12.
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IW 11
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5. Weak Instruments
IW Lecture 15
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6. Heterogeneous Treatment Effects
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